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1) CPU—7 ] 287172k

2) f#(solution)d] A3 x

3) FEFEES REEMS BHEM

OIFETHE FR 55k

{Z® DAL zEe] 549 wie (node) st 77 ] 7bAl (branch) & RET gl BAA LY
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22] 1, A General network
A, ; Exhaustive Search
A, ; Direct Canonical Expansion
A, ; Probability Calculus
A, ; Bayes' Theorem
A; ; Flow Graph method
A, ; Algebraic Extraction
A, ; Fast Algorithm
A;; An Efficient Method for a General Network
A, ; Simbolic Reliability Evaluation Using Logical Signal Relation
Aol AT wke} zro], &£ RFEL 47Hx EEG s A &3t FEAS. 97HA9 FHik
<f Fah(#1, #2, #3, #4, #5, #9) BE Fus} GE 26 L5 A=
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4L HEHE BT Hep 2 % 2 o 4 o o¥d ®B F5 4t om F oy

* olxg A% IBM 1620 6l A 405 = CPU time ¢ 7aboted AALR A7to =2, w9 pseco|l,
#r R.o 2 £H A3 A (system reliability)g] g ¢ 2} (absolute error)els], e &= X312 54 (component
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4. MADM FHE:e A&

oi=l Hikg HAT At weted, MADM J5ike] JEE o (18871 MADM piEelvh. —
gol EEEEE] (e 2)(#1D 3 (¥ D(H 1D Vel gleh. 29t e wlAl A R4l
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4.1, [Btke] s
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) $Ugre] LEESIE
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6 MEBHR

Ql:Is the purpose ontimizing
rather than satisfying?

Yes

| .
| Q2: Are the domineted alterna-
tives screened 7

1.1.1 N\ Yeo
'}

Q3: Arc there multiple decision
mekers with conflicting
preferenceg 7

Nc

Q4:Will the results
the alternatives
only the best{or

of implementing
be determined by
worst) atuributes ?

r:y’

‘ 05:1Is the decision maker familiar
{ with attributes rather then

| alternatives 7

H

Yes / . Ho
¥ N
G&:What is the salient featu?c! G7:%hat is the selisnt {eature
cf preference infeormation ¢f preference information
for sttributes ? for atiributes 7
)
! L. . L ..
{ crdinal cardinal MRS pairwise pairwise
] preference proximity
I
//;1\\
14
2. { 3.2.1

th\S.m')'-‘

<.
2
2.
2

.3.
2.3.5

22l 2, MADM method specification chart (#11)
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MADM(& Bt BERE) AEA 4 FEE FRyEY Mg

I. Tyhes of Information from 1. Salient Feature of I. Major Classes of
the Decision Maker Information Methods
r L 1.1 Dominance
l‘ 1. No Infermaticn l 1.1, taximin
7 1.1.3 Maxinex

[

1

: r 2.1.1 Disjurctive Constraints
! l 2.1 Standard Level 2.1.2 Conjunctive Constraints
:;
r( r ~ 2.2.1 lLexicegraphy
(,1 1 2.2 ordinal }——- 2.2.2 Sequential Eliminmtion
/ [t 2.2.3 Permutation Method
/
i B
1
i} ‘ .
Multiple U’/ | 2.3.1 Lincar Assignment . ot
tttribute p— 2. Informetion L f 2.2.2 Simple Additive wi
Docisicn on Attribute AN 1C.e.3 : 1 Addl
Making L 2.3 ‘L—
———e e} Vol i 2,4,
\ H
E L :
\{ 2.4 Marginal Rate |- 2.4.1 kierarchical Tradeoffs
i of Bubstitution| }
H L
‘E 3.1 Pairwise }—— 3.1.2  LINMAR
] Preference {1 3.1.2 Interactive SAW
¥ 5. Information —

Poon Alteraative

3.2 Order of Prir— ——I 3.2.1 MDS with Ideal Pcln®
wige Proximity L

2213, A taxonomy of methods for multiple attribute decision making(# 11)

— 1.
«!—— L9 Very easy
—— .7  easy

—~ .5 average
— .3 difficult

—‘— .1 very difficult

18] 4, Bipolar scale for the qualitative attributes.
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=3 2L Bty Az @@4““/}

X.; X jmin
Ty m%?lif(lyXf;) = - )}(if @
j
HEETEER SR 9 A4AA matrix & chgab o] ok,

X, X, X, X,
Ai(0.11 0.29 0.9 0.3-
Az | 0.11 0.29 0.7 0.5
As|0.34 0.02 0.7 0.5 |
A,l0.34 0.02 0.5 0.7
D=A;|0.34 0.02 0.3 0.3 !
Al 1 1 0.5 0.5 |
Al 1 1 0.3 0.7 |
Ayl 1 1 0.3 0.5 |
Ay L0, 64 0.44 0.1 0.3

4.2 Conjunctive Constraints(ed 2 = A g2 5)o) 3 &2

oF Wek. webd, il AFaHx wk sk

Conjunctive DM ol 4 = =& Zits-2 ulF2] 7

& &é— ]?‘WHWM R IS B &2
=z}

B

¢ ftZ (alternative)e] =& Kiff(standard)E
HA 1 =g WE AT @b o] HEE ¥R %

i

4.3 Simple Additive Weighting(S.A.W.) Jjikel] &3t #&

v

i (#7, #8, #13)L BANEETAE AT e RES dtedh daRAdxe ©
\?4 o Folal jgite TEE Abgstel mEEE HETE. 4 AR DM)E 4714%
FEGH Hild 2 Ta=E FHET F, & oA HEgs. 2 —Ed FEA 2% 5

| veld gleh
sEEE nEE(EFLESE Jelg)el D matrix(¢] A A matrix) 28-8] delal o] %L
AR T bk 2
A1=§; W;X,;=0.361 A=0.75
A,=0, 381 A,=0.77
A3:0. 396 A8:0~ 69
A,=0.416 A,;=0,39
A;=0.256
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w24 A;(Fast Algorithm)e| el sicl,

.3

o2l 5, Assessment of attribute weights.

4.4 Linear Assignment Method(L.A.M)d| 2] 3+ fi#

-
4

of Fik(#6)- Bi:el TAMEA el el MEHERE 2 Ble vk, 1 @k A,
R ERR T, RN G 99 BHE B 2eln HBKES Az 39 B
?'P ek 2 RESL # 304 2 s o8s e

o] A, a product-attribute matrix z & # 3l w=}. Matrix 78 FRLA 7w KFE 7

AN KA JBEel A 8] Al g veliel, me Ak JEER T8

AR o E mEME W=W, W, W;, W,)=(0.3, 0.2, 0.2, 0.3)e] ¥4, =13714 %%

9 e, wEAE KR FIE AP TE B Aelvh T s 27 60l vk

ATy

(E 3 Ranking of Alternatives Attribute

e Arbute | (W) Xa(W,) X,(Wy) X(W)
Ist A Az Ay Ag, Az A, A, AL A
2nd Ay A
3rd Aj Ag Ag, Ag
4th Ay A, Ay A,
5th A AL A, AL A,
6th As. Ap A,
7th Ay Ay A Ay A A
8th AL A,
9th A,

— 180 .



10 |MELF

For the different Weight W=(W,, W,,

Ist 2nd
YW3
Al
w3
=A2 -,
2
W3
A3 -,
2
W4 W4
A4| —, -,
2 2
A5
W1 W2 W1 W2
A6 —+—, —+—,
3 3 3 3
W1 W2 W1 W2
AT —4—, —+—,
3 3 3 3
W4 W4
+— KA.
2 2
W1 W2 W1 w2
A8| —+—, —+—,
3 3 3 3
A9

Wi WO=(3, .2, .2, .3), Il matrix becomes
3rd 4th 5th 6th 7th 8th 9th
W2 w2 W4 W1 W4 W1 W47
-, -, -, —t—, =
2 2 3 2 3 2 3
W3 W4 W4 W2 W4 W2 W4 W1 w2
-—+—, - -+ -, -4+ -, -, —
2 4 4 2 4 2 4 2 2
W3 W4 W4 Wl W4 W1 W4 W1 W2 W2 w2
—+-. -, —4—, ==, =+, -, -
2 4 4 3 4 3 4 3 3 3 3
W3 W1l W3 Wi W1 W2 W2 W2
-, —_—t—, -, —_t—, -, —
2 3 2 3 3 3 3 3
W1 W1 W3 W1 W2W2W3 W2 W4
-, — =, ==, —+—,  —
3 3 3 3 3 3 3 3 3
W2 W3 W4
+—+-, +-,
W1l W3 3 3 3
—+— W3 W4 W3 W4 W4
3 3 -t -, —+—, —
w4 2 4 2 4 4
+_
4
w1 w2 W3 W3 W3
~+-, -, =, -
3 3 3 3 3
W1l W2 w4 W4 W3 w4 W3 w3
—_—t- =, -, -t -, -,
3 3 4 4 3 4 3 3
W4
+—,
4
W1+W2 W4 w4 W34+-W4
3 3 3

a2} 6-A. Product-attribute matrix I
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MADM (%@t BRBuE) ik d S8 Ffkd B8R 11

1 2 3 4 5 6 7 8 9

A r.2 0 0 0 L1 .1 .1 .25 .25 7
A | 0 .1 175 .075 .175 175 0 .15 .15
Azl 0 .1 175 .075 .175 175 . 176 . 067 . 067
Ay .15 .15 0 .1 .2 .1 . 167 . 067 . 067

=A; 10 0 0 0 .1 . 167 . 333 .233 . 167
As | . 167 . 167 . 242 175 . 175 .075 0 0 0
Ay L3817 . 317 . 167 0 0 0 . 067 . 067 0
Ag t . 167 . 167 . 242 . 075 075 . 142 . 067 . 067 0
A L0 0 0 .5 0 0 1ol .3

22| 6-B. Product-attribute matrix I (continued)
gl

w8 Zkel 2HE FE, RE [ (F A)F KAl Fol wixstesl g7 dx5& 4]
greb Wby EAE Yma & BARAZ = & K (K=1,2,--9)d #ste A,(fR% )& Kt
Zl e et

o] 7] 4 permutation matrix PE&—mnlek R i(Ge., AN7F FF Ko o] ®w m,=1
o2, 2% gdobd mu=0—A WA 772 A st}

MAEEEL a3l 2 LP3s 2 Jepbd 5 gl

9 9
Max 37 337, Py
i=1 k=1

<
s.t EPik=1, =1,2.3 ,9
i=1
9
;Pikzl, k= ’2,3’ ...... ,9
P,-kzzO, for all i,k

2 %R (LP packaged] 9fsted)
Po=1, Pu=1, Pp=1,
Pi=1, Pg=1, Pi=1
Pyu=1, Pu=1, Pi=1
Y x| &= 25 0olth. wel4] £i§ permutation matrix P*=

1st 2nd 3rd 4th 5th 6th 7th 8th 9th

A0 0 0 0 0 0 0 0 1

A, | 0 0 0 0 0 0 0 1 0|
P*=A,| 0 0 0 0 0 1 0 0 0 i
Al o 0 0 0 1 0 0 0 0

Ay 0 0 0 0 0 0 1 0 0]

As| 1 0 0 0 0 0 0 0 0 l
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0
0 0 :
0 0 0 1 0 0 0 0 0-

%" ﬁﬁﬁﬂ[%(Asv A7, ASs AQ# Ah A39 A51 AZ! AI) 0] D}
4.5 ELECTRE (Elimination et Choice Translating Reality) Jigkel]l ¢ 3t #%

o] FHpk(#14, #15, #17)2 ‘Outranking relationship’'®] -8 {#FfAget. Outranking
relationship (Ax—Ap) & b3t 2ok F7AAY RE KA ek L4l B ss AR JF
YAl (nondominated) ol 2} dteietE, AAAAE Axsb A9 FEHSA A 2 o vz
sk S84 HifrelE AL 2ok (#18). BE %S4 Outranking relationship & 7|
%o 7 FFESI, 1 MR d8A ZEGE REES kEE 5 drh. ELECTRE & Outr-
anking relationship &) el FEES $)5le] K (criteria) S A he}.

ELECTRE fjiEe ohg3b 22 HBHE Azt

1. normalized decision matrix & ZHEgke},

X, X, X, X,
Ay 0. 6463 0.0453 0.5614 0.2
Azl 0.6463 0.0453 0. 4366 0.3333
R=A; 1 0.2134 0.5758 0. 4366 0.3333
Ay 10,2134 0.5758 0.3119 0. 4667 |
Ags i 0.2134 0.5758 0.1871 0.2
A; | 0.0715 0.0129 0.3119 0.3333 |
Aq | 0.0715 0.0129 0. 1871 0. 4667 |
As | 0.0715 0.0129 0.1871 0.3333
Ay L0.1119 0. 0291 0.0624 0.2 -
2. AnHE{HEE Yo normalized decision matrix & =] 4§t}
V=RW
X, X. X, X,
=A, -0.6463 0. 0453 0.5614 0.2
Al 0.6463 0. 0453 0. 4366 0.3333
Ay 0.2134 0.5758 0. 4366 0.3333 (03 o o0 0
A, 1 0.2134 0.5758 0.3119 0. 4667 0 020 0
As10.2134 0. 5758 0.1871 0.2 6 o0 020 |
As10.0715 0.0129 0.3119 0.3333 0 0 0 0_345
Az ]0.0715 0.0129 0.1871 0.4667
Az 0.0715 0.0129 0.1871 0. 3333
Ayt 0.1119 0.0291 0. 0624 0.2 -
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MADM (% Bt BREE) kol 9o EHd FFHyHd BE 13

94 gh ARk, X, 3k X, & % (cost)sh Bal® Bikel X, 3b X, & S (benefit) sk

e Bkl o

3. Concordance(—%%)#:& 5 Discordance(R—FH)EE-L [ AA Q. |
5 K(ie, A 8% L{e., A))9 —3(Concordance) 8 Cyp -2 Ax 7} AL Bl 8T

Sy EEe A

2 Cpo= {71 XX, 0] = F— (Discordance) #if-2

DKL = {Jf Xl:i<XLi} =J- CKL

Ci={1,
Cr=1{2,
Cu=1{2,
Cis= {2,
Ci= {3}
Ci,= {3}
Cis= 13}
Cu={3,

(:923296

4. Concordance(—F)47%1& A A3l

2, 3}
3}
3}
3, 4}

2, 4}

Dy,= {4}
D=1,
Dy=1{1,
D= {1}
Dye=1{1,
D= {1,
D=1,
D={1,
D,, = {3}
Dyy={1}
D.y={1,
D= {1}

Dys={1, ¢

Dg;=1{1,
D98= {15

Cp=YW;=W,+W,+W;=0.34+0.2+0.2=0.7
C;s=ZWj=Wz+W3=O. 24+0.2=0.4

etc. ,

a}g}4 Concordance(—F)1771-,

— 187 —
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4 BESEHR

C=1 — 0.7 0.4 0.4 0.7 0.2 0.2 0.2
2108 — 0.7 0.4 0.7 0.5 0.2 0.5
310.6 0.8 — 0.7 1 0.5 0.2 0.5
4 10.6 0.6 0.8 — 1 0.5 0.5 0.5
510.6 0.3 0.5 0.5 — 0 0.2 0.2
6 0.8 0.8 0.8 0.7 1 — 0.7 1
710.8 0.8 0.8 0.8 1 0.8 — 1
810.8 0.8 0.8 0.5 1 0.8 0.7 —
910.8 0.5 0.5 0.5 0.8 0 0 0

5. Discordance(R—50)7751(D,) & ] A&t vt
D, 7518 T 849 de & 83k el Aej sk,

max

g 75Dl Vis= V|
KL — max
FET | Vii— Vil
_0.04
2= 0.04 1
5
dy=-9-025 _ go5
doe 0.1299 _0.1299 _
BT max{0.1229, 0.1061, 0.025, 0.04}]  0.1299
_0.1061
dsl"‘——o' 1299 = 0- 8168
do 0.1229 =1
“7 max{0.1299, 0.1061, 0.0499, 0.08}
__0.1061 _
=" Ta6g = 0- 8168
doe 0. 1299 I
BT max{0.1299, 0.1061, 0.0749, 0}
_0.1061
dsy =, {595 =0- 8168
g 0.1724 —1
%7 "max{0.1724, 0.0065, 0.0499, 0.04}
__0.0499 _
ds.l— 0 7o =0 2894
etb.,
A"—2% (discordance) 17712,
1 2 3 4 5 6 7
D,=1 — 1 1 1 1 1 1
2 f . 625 - 1 1 1 1 1
3! .8168 8168  — 1 0 1 1

— 188 —
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MADM (% Btk BERE) ik o 2 S8l FHb%Y B8 15

4].8168  .8168  .6225  — 0 1 1 1 1
5|.8168  .8168 1 1 — 1 1 1 1
6 |.2804  .1444 2211  .3552 O — 1 0 0
7].4345  .2894  .4432  .2220 O 625 — 0 0
8 | .4345  .2894  .4432  .3852 0 1 1 — 0
9 L.6226  .4666  .6837  .7313  .2276 1 1 1 ]

6. Concordance dominance matrix & A * &} :

Cyx. ¢ threshold value-g& —3¢(Concordance) f7¢l|4 T3}, the average concordance

index =
c:_(-7+-4+-4+"'+~5+'8) =435 _ 6042 6) = Concordance dominance Ayl
9x8 72 =
1 2 3 4 5 6 7 8 9
1= 1 0 0 1 0 0 0 0-
211 - 1 0 1 0 0 0 0
310 1 — 1 1 0 0 0 0
410 0 1 — 1 0 0 0 0
F=5,0 0 0 0 — 0 0 0 0!
6|1 1 1 1 1 — 1 1 1
71 1 1 1 1 1 —_ 1 1
8 ‘ 1 1 1 0 1 1 —_ 1
9 L 0 0 0 1 0 0 0 —_
7. Discordance dominance matrix & =73 3t}
d el zrel ¥ F—%A 4 (average discordance index) & 2 ¢ = v
s (1+0.81684-+1) _ 49.4266 _
d= IX8 = 0. 6865
Discordance dominance 77752,
1 2 3 4 5 6 7 8 9
1 — 0 0 0 0 0 0 0 0
211 — 0 0 0 0 0 0 0
3|0 0 — 0 1 0 0 0 0
410 0 1 -— 1 0 0 0 0
G=5 f 0 0 0 0 — 0 0 0 0
6 l 1 1 1 1 1 — 0 1 1
7 % 1 1 1 1 1 1 — 1 1
8.1 1 1 1 1 0 0 — 1
9 JL 1 1 0 0 1 0 0 0 —

8. ##£x] dominance matrix(i.e., aggregate dominance matrix) & i,
1771 F o} 135 G & #&AA ool #iET7(aggregate matrix) & vhgzt v
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16 BEEFR

1 2 3 4 5 6 7 8 9
E=1 r— 0 0 0 0 0 0 0 oﬂE
211 — 0 0 0 0 0 0 0 t
3|0 0 — 0 1 0 0 0 0 ;
410 0 1 — 1 0 0 0 0 j
5,0 0 0 0 — 0 0 0 0 J
6|1 1 1 1 1 — 0 1 1 }
711 1 1 1 1 1 — 1 1
811 1 1 0 1 0 0 — IJ
9“1 0 0 0 1 0 0 0 —
9. = fE 3 RESEL AAGS:
E371¢ o}-&3} 72 over-ranking BH{RE A|Zghc),
A,—A, Ag— A, A.—A, Ag—A,
A A, As—A, A —A, Ag—A,
A,—A, As—A, A,—A, Ag—A,
A,—A, A—A, A,—A, A A,
A A A,—A; Ag— A,
Ag—Ag A, A, AyA,
A A, A, A, AyA,
A,—A,
219 BGRE FIRERREY BESke
&1
As
A7z B Ag —- Ag » Az —_— A
Az ——p Ag
As t: Ay
As

A7

» Ag —P A4<; Aa
As

A9 HERE T AA—A Biff B A—AA, B AA RZEE ¢ F U
=g & WA FomeR sl ¢ g zehd MRS BRE & 7 9 HeiA '
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# 7k (threshold value)& o] HJoz2q—F CE0.82 £33, d 0.3 02 W5

A 473 BB 114 BB 57bR AR

6. Concordance dominance matrix(—# ¥ ET71)L &3

1 2 3 4
1 r— 0 0 0
2 |1 — 0 0
300 1 —_ 0
4'0 0 1 —
F=50 0 0 0
611 1 1 0
711 1 1 1
81 1 1 0
9 -1 0 0 0
7. Discordance(7"—%) dominance matrix(f77])& :
1 2 3 4
1 -— 0 0 0
20 — 0 0
3 t 0 0 — 0
410 0 0 —
G=510 0 0 0
61 1 1 0
710 1 0 1
8 Io 1 0 0
9 Lo 0 0 0

5

Il—lr—loo

pd 2

1

5

0
0
1
1

T 'y

6

‘OOOOO

O

-8, )T (aggregate) dominance matrix(f771)& AA g

1 2 3 4
1 r— 0 0 0
210 — 0 0
3.0 0 — 0
4]0 0 0 —
E=5 10 0 0 0
61 1 1 0
700 1 0 1
g lo 1 0 0
9 Lo 0 0 0

[ = = 2 x,

— e et

I N

o o ©

7 8 9
0 0 0
0 0 0
0 0 0
0 0 0
0 0 0
0 1 1
— 1 1
0 — 1
0 0 —
7 8 9
0 0 0
o o o
0 0 0
0 0 0
0 0 0
0 1 1
— 1 1
0 -— 1
0 0 — -
7 8 9
0 0 0
0 0 0
0 0 0
0 0 0
0 0 0|
0 1 1
— 1 1
0 — 1
0 0 _

9. E {772 B8] %3 2-& overranking relationship o] =&t :

Aa‘_’A5 AtﬁAS

As—A,

Ag—A,
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As—»As A7->A5 As—‘Ag
As”"As A7—>As
A Ag A,—A, A, A,
As'*As
ol & fREdtd AAAH o vebiH,
A1
s
As » Az » As
As i: As > As
Az
B As

A7 i;m

As Xf Ag > As
. Az
44 RE 6(A) L RE 7(A)e] & REERS dds 2e & 5 Ut

4,6 TOPSIS(Technique for Order Preference by Similarity to
Ideal Solution)d] &3t #

TOPSIS(#11) = EiEfE =2 o) AH¥H 237 (relative closeness to the ideal solution)-&- Hydl
O =4 HAEAROl FrHARfME (negative-ideal solution)$] Azl & FAlof zel ikl SAW (Simple
Additive Weighting)= TOPSIS | 5w} 71 %ot whelA HREMQ EEFE ] —&

2] TOPSIS fjiEe 2 Aled 5wt
1. Normalized decision matrix & FH#3lrl.

A, ~0.6463 0. 0453 0.5614 0.2 -
A, | 0.6463 0. 0453 0. 4366 0. 3333
A, | 0.2134 0.5758 0. 4366 0.3333
A, | 0.2134 0.5758 0.3119 0. 4667
R=A, | 0.2134 0.5758 0. 1871 02 |
A | 0.0715 0.0129 0.3119 0.3333 |
A, | 0.0715 0.0129 0.1871 0. 4667
A, | 0.0715 0.0129 0. 1871 0.3333
A, Lo 1119 0.0291 0. 0624 0.2

2. INE{ES 1# 3t decision matrix & FHES ).

— 192 —



MADM(% B@tt BREE) Hikd 93 F8E F-Hkd B8 19

7 B FeEst st ol W=W,, W,, W,, W,)=(0.3, 0.2, 0.2, 0.3)& Foi%
k3 71 skxt. 22wl Weighted decision matrix(F}E2] A43 s13)e

X, X, X, X,
Ay 0.1939 0. 0009 0.1123 0.067
A, | 0.1939 0.0091 0.0873 0.10
Az | 0.0640 0.1152 0.0873 0.10
Ag | 0.0640 0.1152 0. 0624 0.14
As | 0.0640 0.1152 0. 0374 0.06
As | 0.0215 0. 0026 0. 0624 0.10
A; 1 0.0215 0. 0026 0. 0374 0.14
As . 0.0215 0. 0026 0. 0374 0.10
A, L0.0336 0. 0058 0.0125 0. 06

3. FEMEfE (ideal solution) Tl HAEMESY ¥ (negative-ideal solution) & #sgatc}.
T7H ARl (1E9) REFE A*et A & vhgah o] B

A¥=(min V;, min V,,, max V,; max V)
i i i i

= (0.0215, 0.0026, 0,1123, 0.14)

A~ =(max V;, max V, min V,, min V)
i i i i

= (0, 1939, 0.1152, 0.0125, 0.06)
4, Separation measures(4EH )& FHEg v},
£ %78 717 (separation)-& #-dimensional Euclidean distance(nz &5 32 tlqh)d; g
he} WED 4 vk & RFol EMMRK(deal alternative)sts) 7AL thes} o =
Ak,

S‘-*='\/}-!’:1(Vij——v*f)zy i=1921"'y9

=
S,%=0.,1902 S,*=0. 1303 S;*¥=0.0749
S;*¥=0.1789 Ss*=0.1628 Sg*=0.0849
S;*==0.1293 Se*¥=0. 0640 Se*=0.1285

ul 2l 7}X] 2 negative-ideal solution(fZHEAEM)=}e] zbA-& oL 7},

S=y30 V-V, i=1,2,,9
=1
S,™==0. 1457 S,”=0.1605 S;7=0.2223
S,;7=0.1358 S;~=0.1323 Sg™=0.2112
S3™==0. 1551 S~ =0.2156 S,7=0.1941

5. FRARME = o] FHYIAY $5E (relative closeness to the ideal solution)-& #-%&3hc}.
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RE i(F A)s} Axel 1HHM BT
*=S,7/(S,*+S,7) =0.4338
C.*=0.4315
Co*=0. 5454
+*¥=0.5519
s¥=0. 4483
*=0.7711
C,*=0. 7480
Ce*=0.7133
Co*=0.6017

fhgg i7F BN REsL Zow, C*=1ela, R 7} KEERN RF3 gowd CF=(e]

o EF RE A7b A% ARES5E, CF e 14 g5

(& 3) Comparison of Results by MADM Methods

Remarks

MADM Favorably selected alternatives or Ranking
Methods Ist 2nd 3rd 4th 5th 6th

Conjunctive As

Constraints

Simple Additive A, Ay Ay A, A
Weighting

The weighted average value
of A,and Agare(.77 and 0.75

Linear Assignment| A; A; Ag A, A,

When the value of c and d
is taken as the average of
corresponding index i.e., T=
0.6042, d=0.6863

When tightening the thre-
shold value € 0.8, d 0.3

ELECTRE CAr As Ag——A,
or —Ag——A,
—Ay I—Ag
A, As—-—>A4—|——A3
_AS
Ag—i—A,
LA As
| Ay —Ag—A,
¢ —A,
] or
Ap——A— A,
[ —Ag——A,—A,
i —A1
TOPSIS ‘ As A, A, A, A,

Very similar ranking tc Linear
Assignment Method
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5. MADM Jikdll &8k #5RS H#

33t S8 FEHES EEESY] $3le #HA% Conjunctive Constraints, Simple Additive:
Weighting Method, ELECTRE Method, 12|53 TOPSIS & #ESd #3 H#o} (B 404
vehielA Qe

6. 2

(E Ol YElyEEe], Ag(Algebraic Extraction method)fgke], Conjunctive Constraints,
Linear Assignment Method, 3 TOPSIS & A48 & o b3 HEmel Lo Jeld u-
w e, Simple Additive Weighting 2.2] w ELECTRE J#ke] A;(Fast Algorithm)e] o) 3k 7}
2 HEM RELER FAsgr. weld A, m: A,(Fast Algorithm & ©}x) Algebraic
Extraction Method 8] &3})o] o] [igHe| w3t wheha gk Hiko = BiEs o),

’
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