51 ZAYStAT ®M493 HM1Z 20204 2% (pp. 51~74) http://dx.doi.org/10.17287/kmr.2020.49.1.51

MZAMDE (Neural Network Model)S &2st
CSR&=9| Hekz 2N

TG (=1 xR}, DAKAL

A17 H:Hcl'jv_
(jkimsg@sogang.ac.kr)
oA

TS (BHRY

A17 H:Hcl'jv_

(ysg412@naver.com)

71979 oA 7199 CSRE =A| EF 7hol=gklo] wiE v Fa¢ TR Aegjujgdstn vk A EEs)
7]7(International Organization for Standardization: IOS) oA 180260008= 719 CSRell tidt & 71
TRl agskylon, 9, ¥ 99 #Y, ARUE T L & F8 FAZ AT ol 7199 CSR F
W#2 CSRY $04& ‘JrE‘r‘é Wk o}, AlA EFol BHe] g Z19E Al WIFAEQ CSRE aEfsop & =
st} siARE 7] Sl 71999] CSR €52 tifd 7%, e A9, A9 A Ade) 2 9584 CSR €59
2Az3l 9dem, CSR &5 AlFA A7 1] #AE 243 oy A7 TJr AA] 974 CSR S5 B2 #Ho] 9t
2 A7E 7199 WEA CSR Al 571 719 3ol o &S XA AF A4%S B3l doprsirt. 20154
FE 2018970 =] 77199 AR E1A] Fﬂ olH ¢} Y54 CSR %ol it ol E viEez Y= 7|99 4
HE dSehe 93 A4 BdS Fdslglh 5 T Bdg pdsiglen 74 i S]] ), 24 g3 §4
< geisith. RS A% Huw HolEE bootstrapﬂr o] re-sampling 3l BAHE 500719 RMSEE
ALsto] t-testE APt 2RI Lol 7W =0 A72 B},

o P Awpt 99 2EEn Rde vigo R Ylgdo]l iR OSR €Es dtta JMsiie W 71E Ur°ﬂ
Higl 7198371 of9A YepeAE dSslusdtt. 1 23 SAeR FA7HE, wjEd, dgeldei] B fogt
Aol 7} WERTE.

I

FAl: A, WA CSR, 719483, =483, vifast

AlE 1956 ﬂ UEM HATFE FER }John McCarthy

F A7 (Artificial Neural Network)< 4 7} Dartmouth tete] S A2 A A5 AFE-gH
b A8 Aldieta dZoA = AlArtificial — ol# =2, B2 WHol Aol ged, 27ldE <
intelligence, 134%) Aol FEEE WY Eo] Zto] mlg] AgalE A Wk Holtbr}, 7AISE
o} At AW 25 B el o] WY (machine learning) W &c] /¢ HA 714 =
B2 AR Hole AR oYo= BAAEY A 2 G F(algorithm) o] AEE FA8|A 273
29 59N AR, AAEE BT BASH, o9 getret & ZFololA FFd o AAg vk
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AAYZEH(Neural Network Model)8 &2st CSRESS| e 24

Hayes, 2013).

A iAZE A CSREES 34 ¥+ 71 E]
CSRZE= st =9 7199 AF437t FoldA
& AA AR} v wa) A 5%l

A5 Foe WEE CSREFAET de 714
A xgk 714e] lelA, CSRAETE e 7]
E2 3 WA T A AFEAE AP, Al WA
ATEA = CSRAET §le 7I9EE #ol €83
of Zgsltt. =, W52 CSRAFE S| 54 %%
P9 o] HEZ T 5o]9l = o] 3 (dichotomous)
AFEolojA] 27t @EA o7} A ghA ol gk
getElo] ofn] gle g F&3e 2EIAY

(autoencoder) “JHSE &-8-31%

71434

=2 2

-

Il. 0I2% HiA

2.1 71gle] AfElH

>

Fe7lol gigk A4 Ado] Qltk(Carroll, 1979).
]:LWW ALE A Aol tigh AFES F2 x|
AR A A ]“‘”oﬂ HsH e Aol It ¢
= 71dE
714 eln| ] Al %3 Aal A A sk

247} weka A8E S gk A, 719 )l

o 7199) WA Ags) fol
Aol YFE T TS, 2007).

2117199 4814 49l AF5%

719] AEA Aol digh 72 1930 A
SABIH L, 1960 AFE A 7Ex) 7L WSk
gk o] FA3 H7] AlREEd, 7199 AA
Folo gt T8 teteds AIAET A4
Eo| FYsta AN, FAHORE ofF g o
nsteAd gald e tE i 7 A% (Es
Z¥, 2009). 71999 814 A<l (Corporate Social
Responsibility, CSR)& ¥R o2 7]jo] o] &
= AZste A 9ol ARElel tig AU Feeof
gtk Aog, 7190l ofa FAAERE of 2} Thek
3 2R A R B 7] Eoof St o
), Akglo] 55——1\—7]‘?}—% T 9E 7de

Ae AA A E 1345110]:

53



o YA oz AAA 78t olg} A1g] AA|
o 719} BAL & ol st AL o
Atk 3ed ek

7199] CSR¥E<] &7}l q@ SEn dPEe
27 CSRY %w Aseha

»l‘i}(Galant and Cadez 2017 Margolls
et.al., 2009; Orlitzky et. al., 2003). o|w, &
of A7Hd FAE CSRA 7199 AFA47
CFP)9

(Corporate Financial Performance,

Aol

CSR &%< a4 =4
Aol tiet el Az
%
271

Tt dds = ﬂq(Manescu, 2010;
Baron et al., 2009: Orlitzky et al., 2003).
53 S EY T2 AFAA Al A
Fo7t dasitt. CSRY 342 7199 3845,
BAAE Al g "1”“ ojztE, 719EY 93
< A3, 714 S Ec] R E

o oL, qJ’]”‘
TH, AT 52 A Hﬂ Pé 7F= 9ith(Adriana
2003).

and Cadez, 2017: Orlitzky et al.,

Ztol Sl wekd CSRelv CFP7t 7}x]
our e, dUAdoR e 744 D}X}T_
2 Zst= Ad

CFPo| of&
717 1;}.4

A A ZRu A}Jc_z_sy B

=

=

CFP7} & ¥ER 5o
7} Fof| A& tﬂ SHA 7} AT

CSR¥} CFPY| #AAFoA E th2 A
As@A el #AL CFPel Wby 71gdl o

j=17Ye)
12‘5—1:751

54

W CSRE 3712 ZHs] = 8,
njglel CFP7h £ &8
3] AEAQ TYdM e M=
o] lﬂ-ﬁ o]r/} Z. Xa%
CFPE = =olxl CFPE CSRE %
(Orlitzky et. al 2003; Waddock and Graves,
1997: McGuire et al., 1990).
o] tol7}A, CSRel CFPel<]
CFP7} CSRell & 4%l tiat A+
AFE 2 At (Margolis et.al., 2009).
% CFP7} CSRell & 93< d7at7] Sla)x
CSRE dh= 71| diste] 7= Dag], X}
o] gobx| iz o] 23 thFgt BAAR ] Mk
A Aoz e o] Eo] ItH(McGuire et al.,
1988). Wk CSRo| Apge] wobr] &t o] &of
A, Adxel CFP7h @alel CSREE
FFe Bol FA 2 Aolw, #AA Jeke] A=A
Aol 9Fhd, 2= CFPY 93 Itk 2
A °—R% Aoz FEHE 5 3
SAQl Tl BH, 474 CFPE E¥H=
7199 92 atgow dA CSRe AAA 7|
o] *éﬂrﬂ 5= vjg] CFPE wHeo] Wed],
#A CFP7F @A9 CSReF #A7F § 3}
Al ekl oA CSRol 2% dtta & 4 9l
B R A 7E 1 o A o] &0 ”‘Eﬁ
& 4= glth. & CSRe| v CFPE dl 8lo]
A gt 79 CFPE 23, o] ¥gshe
CFPe| w&tA CSRY &3/t iAoz &
BAo & Edlo] JFS | HEAE FE

2 0]

BE
ol

1H >>L

g Fa3

(==

=

lF fo

%

—LL

-
BEEd

2l

T 9= Aotk o yolrkA CSRel #A9 CFP
7} njEfe] CFPE dZA= &), ojwdl g8k al&A],

23k QBE A ohE, s 98

A CSRY £348 A7ae o Zes,

=
=,
o
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CSRe] 24835 v, IA<] CFP F A%
el mlEie] CFPel A (+)9] d3s wA=d,
CSR¥EE ofd 1 g3} ZabA vepvar, 1%
A gow 1 &3yt A dehA E Aottt
o FA9 CFPL& CSREES dH Hof, CSR
o] SFH w}awﬂ njgle] CFPE wEA H

(<]

a ELLL
QA 7HAA= Eoﬂﬁ CSRe] ¢
Ak, B A3gA = 71999 ZX}Z}L—%—% G8afA,
CSR & W4 CSRe| m|#e] CFPl &37} =
A, & ol F35 YA S B st g

2.1.2 W74 21514 A9 (CSR)

FUelA CSRelghs £o1& A48l ul weg
= 52 Ud FAY 4F 39 A A9, v
g @A =Y ALS AATS AdY 2 A
A Abg] g o] tiF-Roltt. oA 7| 9F-e
gl FRAA ol&FFete AAA 71 g B
A - AAA TAE st e S5 934 Al
A Adolgta & 4 gitt, vk | AL UJF-A Algl
dgete 189 A(quality of employment) 3}
‘Z2 A (decent work)'E WHEZA CSROE &
FHH, 7199 CSR 5 WA Adx &2174 Ad
< = B & 9l

HAZ AAR R 22 dATE 2219 w52

AYSHT ®49A H1Z 20204 22

< Bl 2249 A 7\]%‘ F e 24 g9
= HAA v Fog hdog AE I itk
AA| T4 E£787] 7 (International Organization
for Standardization: I0S)°]4= 7199 CSR
gk 3 7hol=gRl o 24 [S026000S Wris)
dedl, F8 FAIZ2= Jd(human rights), ¥
e 9 #eY(fair operating practices), #H
g o o 7H‘:‘L community involvement &
development) 5 =549 2221 €2 &84 o
Hes3 #dd ‘44*9“01 3o} ITHISO, 2010).
o= 7199l CSR < WH4 CSRY| +24& Yet
B0k ofye, AlAl ol gl d 7|PE o
Al Y EA CSRE neof aHe =l
shARE, @715l CSR 282 Wi
Aol 2B AR HE = Aol e, 7
CSRell et Bl = JA] HAA7E Ao AA =
719EE CSRAl UE 5& A54eR d=
W, dEe 7199 FE e o|nA] 4l Ak
gh iR 58 &8t 5 CSR &%l tid 719 2+
of Hzat F2 & Adrk(e] 3R, 2008).
574 CSRl tg v9] 7= 71 oln]A]

N,

7

A

-

1r ruEZ 1:2 e

=]
-
H
gl
A

o BA9 954 A3 7159 ARA A3
g A7, AAT A2 A4S Aol 7199

CSRE 7199l BE O]LHTM]Z}*E‘ oA st

(o], 2008: o] - &3
W74 CSR & tig Fab= 7]

=, A G FH o=

A, A A 228 Z 4% 9 tHRusso and

Fouts, 1997). %4 CSR €5 7]

Q21& WSIAIAA 7190l W14 AaE 3 o]+«

EE—U
bo
S
O [e]
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(Turker, 2009:
24 CSR €52 = o
=3 FoAE ST, ol 2
€ 2R A WA 4] Aozt
. Bokth UjFA CSR &%0] Z4Es
5 229 oln|z| ¢} FA| o] Sut2A AHAA F
B9 g5 710l
1991).
ole] m} & AFoME LR CSR 5 A&
de Bol AfHA = FA%, FAH R Fo4
lr'%fﬂ AZIHE 7199 WA A0 &4 A4

o}“ 52 CSR91 ETJrOH o5t

i
ufg
zl
i)
_(|)\J <
FW
-
oX
ro,
1o
N,

A (Dutton and Dukerich,

A E%f?}% %% A= g, AEA B
w2219 de 55 WEstn glon ZAYEY o
ot 343 718] A, Hee o, A7 A A
2 o] x3E ] 9tk (Anker et al., 2003).
2.2 2BAEY nEs ESH T2 siid

2.2.1 AFAAY

AT AYL dd AAAEY A sHLEE 7]Hte
2 Y= McCulloch$} Pitts(1943)¢] Q13417 &
ded ST & ¢ Q. o5 297
e X Yol JE AAAS 2EY 3
H2 AdZ2d A olAo] Alge] HolA Fehe
3 7sEs %’r‘ﬂ 3 ME—% O]%ﬁgi >
i Mg 7t

g5 WEIAL, Webos(1974)9 24 9
A3} (Backpropagation)d €3+ gt dag|Eo
1986 tFslEA, Held (Deep Learning)
7o g wiEo &85 gl

ol AlAw] 71# 7| EA 0l g
glolof (layer) 7F & 7HS ©LAS l
layer perceptron)°]A|% HHdE 4 =
Zo| 7t the] &Y< (hidden layer)S 71
% (Deep Neural Nets) &2 th5A1541

%
"Hmulti-layer perceptron, MLP)& £
=2 =
+ =
o

o
T

(

it

oM X 01
rz
oﬁ

o
2
¢

Atk dwAo AFAATE B3

(Non-linear Activation)?] T+%% 4t

ob&d dlolHe] EA& FEdta ERse 72T
AtE ZE 439 AA do|HE dAAT)7

of 7kgA g AAE ol Edurte AL o
(back-propagation) ¢ &g & o] Tz},
AHg dae|FL 7|EY AFEDEAA Bol A

gohe AaAed Be 4

o 7

$Z=Holu cross-

entropysolA A& E -6+ optimization B
3 frAkslt). &, #lolole] 78X 9 WAFE chain
rules 243 gradient WS &&3to] 7152 E
= 2, o]& Mdste Fge ARG, o, 7tF
A5l FHAQ g= A GxF ek At

atal, 2714 7;%% W

P2y
(regulaization) WHES 483},
H learning rate A3h= WHE 4
3}

< s A

EE
il
o



AAYZH(Neural Network Model)g &2st CSRES2| ¥8

ook
]
AT
1z

& o A9 HoloE Axe B¢ o 2719 FolA AYste ARFH B BN tiste] 2}
At JEE HE golo7iA AL e BFERY ZIAold BAE Y AEA S ddsta
RUFEE FYHL HHo WHEZ AT FE A Aot} EE o]
oA, Atk B, dolol® Bol 71l stk 23 RdYS Ve r ZuAoAES o] BEd
wEte] 7F oAl Hef, FAYE EAE 1 A g /MEASE AR & 5 vk Azt
A3 e 5 et A5 AN Hgo] Bo] £ = dATe AFAUATS g8t WA CSR 2
Aot £ 7Y gepgES shuehd AvEed B9 534S AR, WiA CSR €5E0] 7]
FAH o Brbsslrldl, AHstA] JeiH, 4352 9 CFP 540] 713 mAle 93k il
H7F A @Sk W 2 ol E A Roke A & sheA S 2SR ofyW AR SHAQ] 54
obf ¢Hel ajdetA] Reote EAloltt, BB AW oA 943 steAE AR I o
7Fs@ Al(explainable Artificial intelligence) — AHE¥e AT AR EE ot UA e A
ZIRE SEE AR, obf BE FEAA B A A 7YY 22AR S| A, 50 T E FH
3 ves e Aoch(Ribeiro et. al., 2016: 9 A27} oW 843 & S Ro|ch A} v}
Miller et. al., 2017). AR AFAN Tol 2ola gl TAHS ATA
B TARAE E7stay AdFAAEE bggd ER Bo| 2&sta dgeta wSdjol Ao A8
wobdll A&H1 glon, Addutst v, 5, Thed o] BATEY A4S ok Aolga A4t
Tl Bl E&¥ 1 vk oA tiFEe] 4
oA o] FojA 1 glar, HEAQl FFoM = F8t 2.2.2 AFEAE A A3 E R
o] A Ato]d 2ol REEIAFoF T ofgHRo}
oA o] FolA 3 EHG el A= Mol £ 2 A7 dFEAe A A E FEEn A
HFopolA] o] FolA AL gith. A9 Aok % HMAle WHA CSRel CFPdl PlXle 432 AT
AEES 7Zgsheore] A7t wepiA] Xake & ste Aelth ol daiA, WA WH4 CSRe st
golgtal & ¢ ot = 7193 284 2 74wl 43S Hlastn
SHEAQl SHoM e QFAAY Bl AHe B A o Wi CSRE st 7199 CFP7F 234
S ARE 488 F e AP 24U AR B3 7IHERY 28 g2 7K 2R Vgt
ojvf FFE T2 WA #4E F Urke Ao T HMAEE Y54 CSRe at= Ao] mlEe] 7]
o A& dE "M SEsd ES 2ol YAII CFPE © =3t sidle W, 7199
TAAM aHAe] EdEY ASeS dohfle A ol Widd 79 CFP7F 94522 vlgje] CFP
ol Fth & AR A4 A o] 7 RAAT S AWste ARG WHA CSRe F7HASE AL
7} 7bsettt. AAIZte R Solee LIRSS &otW MY CFPE © # dHWsiAe delsii
T AEAcw wdveietE AN 3 MA 1A gk o] Yok R4 CSRel #4¢] CFP
A FARYY IS AFctn HAY Rds  gde SHHCR 9L oteA Z2 el
Ze ATk tedidit nHAE AL HHEE A 2AAES oA E Al EaA) g wef 5§
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< ot} et SARMEY 7y, 2 A
= Apole] Fo = F7t AHSHE SHHFEY f9
e g3l Ao, 2A vepdtt
71 2A 02 olgfgt e 7|ASFE Gl Y
e (model selection)dl|A] &&= o] ot}
(Celeux et.al., 2013). & EHFAIE AS3I
Aside 1) 2=t 7Lo] w32 e Aus
TATEE 7 299 ARy o SHo] AR
g3 HwsjA LA S 72 Aeske WE T
2) A AR A 8ol she AAE e BHE
TR TEoA Zx9 7MY ] AT FAHFE

ot As (Belloni et. al.,
2017) FRE TR W] sk R v
S AEAEE semi-parametricH, 71AIg5HH,
HId e ATNEEE & WA ALSA
A5 A Y AP AFstn dH(Farrell et.
al., 2019). 13217 %e] Wis B A4S
asymptoticdt SAE £ oz FHF 9l

A regularizatione|yt ReLlu $¢ activationdl

].T‘—:_ HIH E_o]

= EAgle Ao Uehda ik, s, B
He 283 2 EFERE AEHQ BHY
T4 THEoA] Ftto] Lol AT BeE
TEs W A4 TA ARFE 1, B
Z 97} e Afde RddeiEte

| 3hm, HHH CFPE #749 CFP

st @7 CSR3} #71¢) CFPE B3 A4S 23

22 B2 9 vJﬂ Y= velop At <
2

A9 CFPRF 742 3 RdlH T} F3k Ao
® mdo] vjge] CFPE ¢ & AHsid 2d gy
7}

7h it & 4 A 3 Bl =,
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AAYZEH(Neural Network Model)8 &2st CSRESS| e 24

A€ CFP% CSR= #
CFP W53 CSRUFTES 7M7) & /) o]/de] ¢
o5 AR Fo] FAL st
Bree s AA gt TGRS
S5 O E AHgEt 712w &
dEo] 1A Eote Be WSS o] 43}
F Atk
opA ek Al WA 2 vk A2 R4 CSRE o
WA & 719EC] WA CSRE atal At
A Fohd, vlEle] CFP7E o® EAE o S8lEn
A gt ko] £ ol AFEAlE W4 CSRel
ek 287k e 719 ER (ol 5ol e A7) S
goz A ZoAg Al WA o 32 yRA
CSRe] AEE 7M1 YA @& 7I9E% X T8)A
stz @k & WE-4 CSRY 9@ /g & A
Wole RdE 28314, #A WA CSRA=
2 73 A &2 7IYelv CSRe sk e6tH
719E°] CSREES 3tk 7p4ste], we CFP
g EoA dA A5l e gl CFPe B wa)
}

b2

L=

=

A& Gl E F A Aot
olgf gt WHE HEAQ AN NN 5T
T S&HA, AuEe oste] HHstE 2o
N ZE Aol 2AT A2 AEE YYste] 23
7bold SRS Hola, ofg7 Wsls] 1, o] 3
MeteAE Be A2 WoAtA TS = 24y
policy implication W'§e] 3-&olztx A7

4 JHKim et.al., 2002).

B oAoA 7EAo R AlgslE @AY
o A=A (Deep Neural Network) = 4=
A GE DI 2S Gl 72 9dh Coding

& Python”]¥9 Tensorflows AF&3ls] o,

AYSHT ®49A H1Z 20204 22

GPUE 2843 ZAFHAA A8t gl
Xe g 3 24398 99 = CFPYST
(X1 W54 CSREF(X2)2 ®gaiiaL, F3t
golol5e] 4P o webd e AS
W3S oY Aol Yae 98 CFPRY &

=

< 231, activation function ReLu, cost 3
© ARH7t AFgHsserld HadsHes Al
3, A3 HHE Adam optimizers 283323,
2dAggASA e BaAES LAHRMSE) S
ggatath(:F4, 2018). RMSEE ©

Fis

S
3 A7) el Aol A5E & Fo BT S

M

X oo

= AT For B AR x

=
I 9len, o] 4255 dF Jgwrt

4

o Ob polt W

s
rlo et

AFAATE ¥338 machine learning® &9
< S8iA o] E&He= W

= =
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(Z 1) 7|& Algorithm

Algorithm: 719} A3 o= 2g

* Hyperparameter setting
learning rate = 0.0001
training epochs = 50
batch_size = 40

* Model Variable setting
X = tf.placeholder(tf.float32, (None, 493))
if 227y Zatmd
X1=[None, 490], X2= [None, 3)
Y = tf.placeholder(tf.float32, (None, 3])
nb_classes = 3

* Model Layer Setting
(3 Layer]
Activation Function: ReLLU
Weight Initialization: Xavier
if 2887 35484 Layer

X3= tf.reshape(tf.matmul (tf.expand dims(L13,axis=-1), tf.expand dims(L23,axis=1)), (-1,L.13.shape(1)*.23.shape(1]))

if A& F52E Layer
X3= tf.concat((L11, L21], 1)

* Hypothesis, Cost Function, Optimization
hypothesis = tf.matmul(L2, W3) + b3

cost = tf.reduce mean(tf.square(hypothesis - Y))
optimizer = tf.train.AdamOptimizer(learning rate=learning rate).minimize(cost)

nge
QL EQIFH (autoencoder) Rdlolth, QEQIFAHE

i)

S Y

dle vz =8kt (unsupervised learning) 49 9]
] TERFY SR BF A ¥

Ptk 9= 2all 24 RBM(resticted boltzman
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s2 dojglrlol, shbeit

UE 7R A et wt
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Analyzing the Impact of CSR Activities Using a
Neural Network Model

Juyoung Kim* - Seunggyeong Yu**

Abstract

Corporate CSR in corporate management is positioned as an important part as international
standard guidelines are published. The International Organization for Standardization (IOS)
released ISO 26000, a standard guideline for corporate CSR, with the main themes of human
rights, fair business practices, community involvement, and development. This not only shows
the importance of internal CSR incorporate CSR but also means that Korean companies need to
consider internal CSR in line with global standards. However, most of the CSR activities of
existing domestic companies were donated and charitable organizations were established, focusing
on external CSR activities such as the development of local communities, and analyzing the
relationship between CSR activities and financial results Some research results are also related
to external CSR activities.

In this study, we investigated the effect of whether or not a company’s internal CSR is
implemented on corporate performance through an artificial neural network. Based on the
business report data of domestic manufacturing companies from 2015 to 2018 and the data of
internal CSR activities, an artificial neural network model that predicts the business performance
of the next year was implemented. Seven types of models were implemented, and each model
independently reflected the characteristics of parameters and adjustment effects. For the
comparison of model fits, re-sampling the data like bootstrap and calculating 500 RMSEs per
model and running t-test, the adjustment effect model showed the best results.

Next, based on the adjustment effect model with the best results, we assumed how the company’s

business performance would be displayed compared to the existing results, assuming that the

* Sogang Business School, First Author, Corresponding Author
** Sogang Business School, Co-Author
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company has internal CSR activities. As a result, there were statistically significant differences

in stock prices, sales, and operating income.

Key words: Artificial neural network, internal CSR, company financial performance,

moderating effect, mediating effect

AR ARG AA AZRIR U vPIE A3 a5 A% Zold. nelndn 29U L B A9 Fdsdon,
w5 vk el A A4, AYSEPIE) LS 50 FeATRkE Deep Learning® 268 243, 454

7. JEAAAT, IAGI AR AL Sol,

74

AYSHT ®49A H1Z 20204 22



	신경망모델(Neural Network Model)을 활용한 CSR활동의 영향력 분석
	Ⅰ. 서론
	Ⅱ. 이론적 배경
	Ⅲ. 연구 방법
	Ⅳ. 결론 및 제안
	참고문헌
	Abstract


